e s R i 1 o s i i 51 S 011 ) e AR NECPE TSR i A SR T, Bl o i A e 2
rp R, A el M i A R 7090 ~ 8090, 2 3R [ AR, F Wi 43t it Bl ik (F50 3h ik FURE 36 BkO B 78 8% PA 2, i 3t 1

« 1182 -

HHRESF 2022 %8 A % 34 %

% 84 Med ] West China, August 2022, Vol. 34,No. 8

E T HLE8 5 3 A 8T P i X R ofn 1 Aoy 22

.i@%.

& F X1 B Fou ) 4% 2

FHRT W
(R HR PR r g et A ) & . B 200438)

[HE] BHW HINEFIMNETHRR Sh ki PR RMEER, Fik Ao & X KK 2020 5
1TA~2020 8 12 Ak FL B AL = FERMG T4 bl B imed B4 & 171 A RABAS KT KELLERREE
B RGP R A AR AMEF T o ERBAEX B B T AR, ER %%m‘/\h&
Mann-Whitney # 3 & I , 8 fo bk i 5 P 55 4 B A BEF- 0 (30 3 Mok 8 3 ) K% G A 45 K BOK 4 R LA £ A 3t F
SL(P<C0.05), R84 8) AUC 34k 7 i & b ik J}E#T)%%JH%‘J”“’rﬁfr%%*"\i%ﬁﬁmiﬂﬁﬂﬁi&ﬁ%}&m'ifﬁ%?m
P TR AL A LA A F A EALRILE A (AUC £ 314 0.996.1.000), Z5if A HF 5% PT A 2L 69 i 0% 3 X S o M B 25 o X
T T AL A B A 4 B 4G TTAE R, BBk b R b b B AP R T AR AR A BUTR M AR R ML FE UG 4 B b il 2R P 09 TS TR
BAFEREF IR P S EEXIE,

[XEIRY sl PihE N et i Lo M
[HE4SEES] R743. 34 [xiktrEwB] A DOI:10. 3969/j. issn. 1672-3511. 2022. 08. 017

Constructing risk prediction model of ischemic stroke in

Jiangxi based on machine learning

CHANG Huaiwen, YAO Yin
(Department of Computational Biology . School of Life Sciences, Fudan University ., Shanghai 200438, China)
[Abstract] Objective With the help of machine learning, the risk prediction model of ischemic stroke in Jiangxi is
constructed. Methods With the help of questionnaires, 574 patients with ischemic stroke and 171 healthy people who
visited a third-class hospital in Jiangxi Province from January 2020 to December 2020 were obtained. Their basic informa-
tion and pathological characteristics of ischemic stroke were collected, and the above characteristics were analyzed by
machine learning, and the risk prediction model of ischemic stroke was constructed. Results Based on the t-test and
Mann Whitney test, it was found that there were significant differences in age, symptoms of carotid stenosis or occlu-
sion, and systolic blood pressure between ischemic stroke and healthy people (P<C0.05). At the same time, with the aid
of AUC evaluation method, based on Naive Bayes model and support vector mechanism, the risk prediction model of
ischemic stroke in Jiangxi Province is established for the above indicators, and it is considered that support vector machine
performs best (AUC is 0. 996 and 1. 000 respectively). Conclusion The risk prediction model of ischemic stroke in Jian-
gxi constructed by this study has high reliability., and there is a strong correlation between ischemic stroke and a variety
of pathological characteristics, which should be paid attention to in the follow-up prevention and intervention of ischemic
stroke and precision medical treatment.
[Key words]

Ischemic Stroke; Naive Bayes; Support Vector Machine
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Table 1 Selection of qualitative indicators and definition of variables
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Figure 1 Probability density function diagram of selected indicators
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Table 2 The t test results between independent groups of normality index
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Table 3  For different substances a Model accuracy of Bernoulli naive

Bayes classifier with variable value on ischemic stroke data set
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Table 4 Model accuracy of linear support vector machine on ischemic

stroke data set for different exergy C exergy values
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